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CHAPTER 1

The Agentic Enterprise Paradigm

The question is not whether machines can act, but whether we can
say, afterwards, why they acted as they did—and who agreed to it.

EXECUTIVE SUMMARY

Agentic artificial intelligence is the delegation of goal-directed, multi-
step work to software that selects its own actions at run time. This
breaks the foundational assumption of enterprise computing—that
behaviour is specified in advance—and therefore breaks the control
model built on that assumption. This chapter defines the agent pre-
cisely enough to build and audit one, distinguishes it from the au-
tomation technologies it is routinely confused with, decomposes it
into six architectural components, and establishes the four properties
(non-determinism, delegated authority, environmental coupling, and
compounding error) that every subsequent chapter exists to manage.
It introduces CORPFLOW, the running case study, and states the book’s
central claim: an agentic system’s correctness and safety are properties
of the envelope you build around the model, not of the model itself.

1.1 What actually changed

In September of a recent fiscal year, a mid-sized industrial distrib-
utor deployed a large language model to help its accounts payable
team. The model summarised supplier emails and drafted responses.
Every draft was read by a clerk before it was sent. The deployment
was successful, uncontroversial, and—in the terms this book will
develop—not agentic at all. The system produced text; a human
produced actions.
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1 THE AGENTIC ENTERPRISE PARADIGM

Eleven months later the same company deployed something that
looked superficially similar and was categorically different. The
new system received a supplier email, decided on its own that the
email described a disputed invoice, queried the enterprise resource
planning system for the purchase order, retrieved the goods receipt,
identified a quantity variance of three units, checked the contract
tolerance table, determined that the variance fell within the permitted
band, posted a correcting entry, released the invoice for payment, and
replied to the supplier—in four minutes, without a human reading
anything, and having chosen each of those steps itself. Nobody had
written that sequence down. The system inferred it.

The difference between those two deployments is the subject of
this book. It is not a difference of model quality, prompt sophisti-
cation, or vendor. It is a difference in what was delegated. In the
first case the organisation delegated a suggestion. In the second it
delegated authority to act.

KEY CONCEPT: Agentic system

An agentic system is a software system in which a model, given a goal
rather than a procedure, autonomously selects and executes a sequence
of actions that change state outside itself, evaluates the results of those
actions, and determines when the goal has been achieved or must
be abandoned. Three properties must hold jointly: goal specification
(the objective is stated; the steps are not), run-time action selection (the
sequence is chosen during execution, not at design time), and external
effect (actions change state in systems the model does not own). A
system missing any of the three may be valuable, but it is not agentic,
and it does not require the control apparatus this book describes.

The definition is also narrower than the term’s academic history,
and deliberately so. The classical taxonomy that asked whether a
given piece of software was “an agent or just a program” settled
on a system situated within an environment, sensing it, acting on it
over time, and pursuing its own agenda [33]—a formulation broad
enough to admit a thermostat. What distinguishes the current gen-
eration is not situatedness but the substitution of a general-purpose
reasoner for the hand-written policy that used to select actions. The
recent literature has begun to mark this distinction terminologically,
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1.1 WHAT ACTUALLY CHANGED

separating narrowly scoped tool-calling “AI agents” from “agentic
AI” proper, in which multiple components decompose tasks dynam-
ically, maintain persistent memory, and coordinate their autonomy
[80], and surveys of language-model agents organise the design space
around the same decomposition of reasoning, perception, action, and
social interaction [101]. This book uses agentic in the narrow, oper-
ational sense defined above, because that is the sense in which the
governance requirement attaches.

That definition is also deliberately narrower than commercial
usage. It excludes a chatbot, however fluent. It excludes a retrieval
system that answers questions from a document corpus. It excludes
a classifier embedded in a deterministic workflow. The exclusions
matter, because the cost of the governance machinery developed in
Parts III and IV is only justified when authority to act has genuinely
been delegated. Applying agentic governance to a summarisation
tool wastes money; failing to apply it to a system that can post journal
entries invites a material weakness finding.

1.1.1 The intellectual lineage

Nothing in the definition above is new to computer science. The
notion of an autonomous agent—a computational entity that is sit-
uated in an environment, perceives it, acts upon it, and pursues
objectives without continuous instruction—was formalised decades
before the transformer architecture existed. The canonical framing
in the multi-agent systems literature specifies four properties: auton-
omy, reactivity, pro-activeness, and social ability, the last denoting the
capacity to interact with other agents to achieve goals [99]. Robotics
arrived at a complementary insight still earlier: that competent be-
haviour need not be produced by a monolithic central planner and
can instead emerge from layered, loosely coupled behaviours operat-
ing on immediate sensory input [11]. Classical artificial intelligence
formalised the agent as a function from percept histories to actions,
and organised the entire field around the design of that function [78].

What was missing for thirty years was not the architecture but
the component that had to sit inside it. Agent frameworks required a
module capable of open-ended reasoning over unstructured input,
and no such module existed. The transformer architecture [93], scaled

5



1 THE AGENTIC ENTERPRISE PARADIGM

Figure 1.1. Four decades of convergence. Agentic AI is not a disconti-
nuity but the intersection of three long-running research programmes—
autonomous agent theory, large-scale sequence modelling, and retrieval-
based grounding—meeting an enterprise integration substrate mature
enough to expose transactional systems through governed interfaces. The
two dashed curves make the book’s organising tension explicit: delegated
autonomy and required governance rise together, and an organisation
that advances one without the other is not building a workforce but an
exposure.

to the point where models exhibited useful in-context task perfor-
mance without task-specific training [12], supplied it. Two further
developments made the component usable in an enterprise. First,
methods for eliciting explicit intermediate reasoning showed that
decomposing a problem into steps materially improved performance
on multi-step tasks [96], which mattered because business processes
are multi-step by nature. Second, the interleaving of reasoning with
external actions—generating a thought, taking an action, observing
a result, and repeating—was shown to reduce ungrounded fabrica-
tion and to outperform reasoning-only or acting-only approaches
on knowledge-intensive and interactive tasks [105]. That loop is the
beating heart of every production agent framework in use today, and
it is the structure to which every control in this book attaches.

Two further ingredients were required before any of this was us-
able by a non-specialist. Training models to follow instructions from
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1.2 SIX DISTINCTIONS THAT DETERMINE YOUR CONTROL REQUIREMENTS

human feedback converted a text continuation engine into some-
thing that could be directed by a written objective [63]—which is
precisely what an agent’s policy prompt is. And the recognition
that a small number of large, broadly capable models would be
adapted to an enormous range of downstream applications, with
their capabilities and their defects propagating homogeneously into
all of them, framed the institutional risk that Part IV addresses [9].
Multi-agent simulations then demonstrated that plausible social and
organisational behaviour—planning, reflecting, coordinating across
agents—emerges from architectures combining a memory stream
with retrieval and reflection [69], which is both an encouraging result
and the origin of the emergent-behaviour concern this book takes
seriously.

Grounding closed the remaining gap. A model’s parametric
knowledge is fixed at training time, undated, and unattributable—
three disqualifying properties for enterprise work. Retrieval-
augmented generation, which conditions generation on documents
fetched at inference time from a non-parametric store, made model
output traceable to a source that an organisation controls [52]. Tool
use extended the same principle from reading to writing: models can
be taught to invoke external interfaces and incorporate the returns
[81], and the discipline of making that invocation reliable across thou-
sands of real interfaces became a research programme in its own right
[70, 73].

The result, by the middle of this decade, is a component that
can be dropped into a forty-year-old agent architecture and made to
work on real enterprise tasks. The architecture was waiting. That
is why adoption has been abrupt: organisations are not inventing a
new discipline so much as discovering that an old one has suddenly
become executable.

1.2 Six distinctions that determine your control
requirements

Executives are asked to approve agentic programmes without a vo-
cabulary that distinguishes them from the automation the organisa-
tion already runs. The following six distinctions are not academic.

7



1 THE AGENTIC ENTERPRISE PARADIGM

Each maps directly onto a different control requirement, and misclas-
sification is the most common root cause of both wasted investment
and unmanaged exposure.

Table 1.1. Five automation paradigms and the control model each requires.
The control model is determined by who chose the sequence of actions, not by
the sophistication of the technology.

Paradigm Who chooses
the steps

Control model

Deterministic
workflow
(BPM)

Designer, at
build time

Code review, change approval, regres-
sion test. Behaviour is fully specified.

Robotic
process
automation

Designer, at
build time

As above, plus brittleness monitoring:
the bot breaks when the screen changes.

Predictive
model in a
workflow

Designer
chooses steps;
model chooses a
value

As above, plus model validation, drift
monitoring, and fairness testing on the
prediction.

Generative
assistant

Human, at run
time

Content review by the human who acts.
The model has no external effect.

Agentic
system

Model, at run
time

Permission envelope, budget envelope,
evidence trail, escalation authority, and
post-hoc audit. Behaviour cannot be
fully specified in advance.

1.2.1 Goal specification versus procedure specification

Robotic process automation encodes the procedure: click here, read
that field, if value exceeds threshold then take branch B. It is fast,
cheap, and completely auditable, and it fails whenever reality de-
parts from the encoded path. The empirical record of two decades
of process automation is consistent on this point: rule-based systems
capture the high-volume, low-variance core of a process and leave a
long tail of exceptions to humans, and that tail is where the labour
cost concentrates [87, 91]. Case evidence from the earliest large-scale
deployments made the same point from the opposite direction: the
automation succeeded where the process was already standardised,
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1.2 SIX DISTINCTIONS THAT DETERMINE YOUR CONTROL REQUIREMENTS

rule-based, and high-volume, and the organisational work of achiev-
ing that standardisation was the substantial part of the effort [51].
Agentic systems invert the encoding. The goal is specified—resolve
this invoice discrepancy—and the procedure is inferred per case. This
is why agents can absorb exception tails that defeated rule-based au-
tomation, and it is exactly why they cannot be assured by inspecting
the procedure: there is no procedure to inspect.

1.2.2 Determinism versus stochastic execution

A deterministic system returns the same output for the same input.
Agentic systems do not, and cannot be made to, in any useful sense.
Two runs over the same invoice may query systems in a different
order, retrieve different supporting evidence, and articulate differ-
ent justifications, while producing the same correct outcome. They
may also produce different outcomes. This has three concrete conse-
quences that recur throughout the book: testing must be statistical
rather than exhaustive (Chapter 8); the audit artefact must be the
trajectory, not the code (Chapter 11); and any control that depends on
predicting the agent’s next action will fail, so controls must instead
constrain the space of actions available (Chapters 6 and 7).

1.2.3 Suggestion versus action

The single most important line in any agentic architecture separates
systems that propose from systems that dispose. Crossing it changes
the legal, financial, and security posture of the deployment discontin-
uously. A model that drafts a payment instruction creates a document;
a model that submits one moves money. The autonomy ladder in
Chapter 2 exists to make the crossing of that line an explicit, graded,
evidence-based decision rather than an emergent consequence of a
convenience feature.

1.2.4 Bounded tools versus open capability

An agent’s capability is not the model’s capability; it is the union of
the tools it can invoke. A model with a single read-only tool cannot
damage anything regardless of how badly it reasons. A model with
shell access and network egress can damage a great deal regardless

9



1 THE AGENTIC ENTERPRISE PARADIGM

of how well it reasons. This is the most under-appreciated fact in
enterprise deployment, and it produces the book’s first principle.

Principle 1.1 (Capability is granted, not inherent). The risk posed by
an agent is a property of the tool set and permissions granted to it,
not of the model behind it. Governing an agent therefore begins with
enumerating and constraining its tools, and only afterwards with
evaluating its reasoning.

1.2.5 Single actor versus multi-agent system

Decomposing work across several specialised agents improves mod-
ularity and permits narrower permissions per agent, but it introduces
coordination failure modes that have no single-agent analogue: re-
sponsibility diffusion, inconsistent shared state, mutual reinforce-
ment of an incorrect premise, and non-terminating delegation loops.
Systematic study of multi-agent LLM systems has catalogued failure
taxonomies spanning specification, inter-agent misalignment, and
verification breakdown [19]. Chapter 4 treats these directly. The
relevant point here is that multi-agent architectures are a control deci-
sion as much as an engineering one—they should be adopted when
they narrow the permissions any single component holds, not merely
because the work decomposes conceptually.

1.2.6 Session-scoped versus persistent

An agent that forgets everything between runs is auditable one run
at a time. An agent that writes to a durable memory carries the con-
sequences of a bad run forward into every subsequent run, which
converts a transient error into a persistent contamination and creates
an attack surface—memory poisoning—with no equivalent in state-
less systems. Chapter 5 treats enterprise memory as a governed data
asset subject to retention, provenance, and correction requirements
rather than as a performance optimisation.

1.3 Anatomy of a business agent

Beneath the marketing, a production agent is an assembly of six
components. Naming them precisely is worthwhile because each fails

10



1.3 ANATOMY OF A BUSINESS AGENT

differently, each is owned by a different team in a mature organisation,
and each carries distinct control requirements. Figure 3.2 shows how
these components are arranged under the four dominant architectural
patterns; Chapter 3 develops the assembly in full.

The model. The inference engine that maps context to the next token,
and therefore to the next thought or tool call. It is a purchased or
hosted component with a price, a latency distribution, a context
limit, and a failure profile. Treat it as replaceable: model choice
will change several times over the life of a deployed agent, and any
architecture in which it cannot be swapped without revalidating
the entire control environment is defective.

The objective and policy prompt. The durable statement of what
the agent is for, what it may and may not do, what evidence it
must gather before acting, and how it must behave when uncertain.
In a governed deployment this is a versioned, reviewed, and tested
artefact—closer to a job description with an operating procedure
attached than to a piece of configuration.

The planner and control loop. The mechanism that decomposes a
goal into steps and drives the reason–act–observe cycle [105], in-
cluding its termination conditions. Planning may be explicit (a
plan is generated, then executed) or implicit (the next step is cho-
sen after each observation), and the choice has direct auditability
consequences: an explicit plan can be approved before execution
begins, which is what makes the intermediate autonomy levels of
Chapter 2 implementable.

Memory and context. Everything the agent knows at the moment of
a decision: the working context window, retrieved documents, the
trace of the current run, and any persistent store of prior runs, val-
idated procedures, or learned preferences. Its governing property
is not capacity but provenance—for any fact the agent relied upon,
the system must be able to say where it came from (Chapter 5).

Tools. The typed interfaces through which the agent reads and
changes the world: enterprise APIs, database queries, document
stores, messaging, code execution. Each tool is a permission grant.
In a governed deployment, tools are mediated by a gateway that

11



1 THE AGENTIC ENTERPRISE PARADIGM

validates arguments, enforces allow-lists, meters consumption,
and logs invocations independently of the agent (Chapter 6).

The governance envelope. The policy engine, credential broker,
budget governor, trace store, and escalation router that surround
all of the above. These are not features of the agent; they are in-
frastructure the agent runs inside, and they must remain effective
even when the agent is compromised, confused, or adversarially
manipulated. Chapter 3 specifies this as the control plane, and it is
the central engineering artefact of the entire book.

CORPFLOW IN PRACTICE: Introducing the running case study

CORPFLOW Industries is a fictitious mid-market manufacturer and
distributor of industrial components: revenue of roughly $1.4 billion,
approximately 4,200 employees across eleven countries, an ERP system
of record, a separate procurement suite acquired with a business unit
in 2019, and a finance shared-services centre of 190 staff.
CORPFLOW’s procure-to-pay function processes about 41,000 supplier
invoices per month. Roughly 62% pass straight through on a clean
three-way match against purchase order and goods receipt. The re-
maining 38%—about 15,600 invoices—become exceptions: quantity
variances, price discrepancies, missing receipts, duplicate submissions,
unit-of-measure mismatches, tax coding errors, and unstructured sup-
plier correspondence that a rule cannot parse. Fourteen full-time
equivalents work that queue. Average resolution takes 27 minutes
and touches three systems. Roughly 4% of exceptions age past 30
days, triggering early-payment-discount loss and, occasionally, supply
interruption.
This is a textbook agentic candidate and it will be used in every chap-
ter: volume is high, each case is materially identical in shape but
variable in detail, evidence is already collected in systems of record,
most actions are reversible before payment release, and the process
is audited annually. It is also, for exactly those reasons, financially
material and subject to segregation-of-duties controls—so it cannot
be automated casually. The tension between those two facts is the
practical subject of this book.
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1.4 THE FOUR PROPERTIES THAT CREATE THE PROBLEM

1.4 The four properties that create the problem

Everything difficult about deploying agents in an enterprise follows
from four properties. They are not defects to be engineered away;
they are consequences of the delegation that creates the value. The
task is to build an environment in which they are survivable.

1.4.1 Non-determinism defeats verification by inspection

Because the agent selects its actions at run time from a stochastic
process, the set of behaviours it can exhibit cannot be enumerated.
Traditional software assurance—trace every path, test every branch—
has no purchase. The concern is not new; the canonical enumeration
of concrete AI safety problems identified negative side effects, reward
hacking, unsafe exploration, and distributional shift as engineering
problems arising precisely when an objective is specified and the
means are left to the system [2]. Every one of those four appears,
unchanged, in enterprise agent deployments. What replaces it is a
combination of statistical evaluation over representative and adver-
sarial task distributions (Chapter 8), architectural constraint of the
action space (Chapters 6 and 7), and evidence sufficient to recon-
struct any individual decision after the fact (Chapter 11). Note the
implication for procurement: a vendor demonstration proves that a
behaviour is possible, never that a failure is impossible.

1.4.2 Delegated authority creates an accountability gap

When an agent posts an entry, the entry was posted by a legal person—
the organisation—acting through a non-human process to which a
human granted authority. The chain from that human to that action
must be unbroken, recorded, and inspectable, or the organisation
cannot answer the only question an auditor, regulator, or court will
ask: who authorised this? The academic literature on the harms
of increasingly agentic systems identifies precisely this diffusion of
responsibility as a first-order risk, distinct from and prior to questions
of model accuracy [20]. Chapter 6 makes the chain a technical artefact
carried in every call; Chapter 11 makes it an evidentiary one.
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1 THE AGENTIC ENTERPRISE PARADIGM

1.4.3 Environmental coupling turns data into instructions

An agent must read the world to act in it, and much of what it reads
is written by parties the enterprise does not control: supplier emails,
web pages, PDF attachments, ticket text, third-party documents. Be-
cause instruction and data occupy the same channel in an instruction-
following model, content placed in that channel by an adversary can
redirect the agent’s behaviour. This is indirect prompt injection, and it
was demonstrated against realistic LLM-integrated applications well
before agents reached enterprise deployment [38, 56]. It is not a bug
in a particular model. It is a structural property of the architecture,
and Chapter 10 shows that the only durable mitigations are architec-
tural: separating privileged from unprivileged context, attenuating
capability, controlling egress, and validating consequential actions
deterministically [7].

1.4.4 Error compounds along the trajectory

A business process is a sequence. If an agent executes n dependent
steps and each step succeeds independently with probability p, the
probability that the whole trajectory is correct, absent any correction
mechanism, is

Pend-to-end = p n. (1.1)

The arithmetic is unforgiving. At a per-step reliability of 0.99—better
than most measured tool-calling performance on realistic enterprise
interfaces—a 30-step process completes correctly 74% of the time. At
p = 0.95, the same process succeeds 21% of the time. This single
equation explains the gap between impressive demonstrations and
disappointing pilots more completely than any other factor, and it
drives three architectural mandates developed later: decompose long
trajectories into short verified segments, insert deterministic check-
points where state can be validated against a system of record, and
design recovery rather than assuming success. Chapter 8 quantifies
the improvement each mandate delivers for CORPFLOW.
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WORKED CALCULATION: What per-step reliability must you actually
buy?

CORPFLOW’s exception-resolution process averages 12 dependent
agent steps. Management sets a target of 90% end-to-end success
before human escalation. Rearranging Equation 1.1, the required per-
step reliability is p = 0.901/12 = 0.9913.
Achieving 99.13% per-step reliability on every step—including re-
trieval of the correct contract clause and correct interpretation of a
supplier’s free-text explanation—is not realistic in 2026. But inserting
three deterministic verification checkpoints partitions the trajectory
into four independent segments of three steps each. If a failed segment
is detected and retried once, with the retry succeeding at the same rate,
effective segment reliability rises from p3 to 1 − (1 − p3)2. At p = 0.97,
segment reliability is 0.9127 unverified but 0.9924 with one verified
retry, and end-to-end success across four segments rises from 0.694 to
0.970.
The lesson is structural, not motivational: verification and retry buy
more end-to-end reliability than model upgrades do, and they are under the
architect’s control.

1.5 Where the value actually is

The evidence base on generative AI productivity is real but must be
read carefully, because most of it measures assistance rather than del-
egation. A field experiment with more than 5,000 customer-support
agents found an average productivity increase of roughly 15% in
issues resolved per hour, concentrated among less experienced work-
ers, with little effect on the most skilled [16]. A randomised experi-
ment on professional writing tasks found substantial reductions in
time taken alongside quality improvements, again with the largest
gains for lower-performing participants [61]. A large field study with
a consulting firm found significant gains inside the boundary of tasks
the technology handled well and degraded performance on tasks just
outside it—the “jagged frontier” result, whose practical import is that
the difficulty of a task for a human is a poor predictor of its difficulty
for a model [26].

Evidence from software engineering, the domain with the most
measurement, points the same way: a controlled study of an AI
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coding assistant found a substantial reduction in task completion
time, again with larger effects for less experienced developers [71].

Three cautions follow for an executive reading these numbers.
First, they measure tools used by humans who retain the decision;
delegation economics differ, because the cost of a wrong decision
is no longer intercepted by the person holding the mouse. Second,
task-level gains do not aggregate to firm-level gains without pro-
cess redesign; the productivity literature on prior general-purpose
technologies documents a persistent lag between capability and mea-
sured output as complementary organisational investments are made
[15]. Third, exposure is not automation: analyses of occupational
exposure to language models estimate that a large share of the work-
force has at least some tasks affected, but exposure describes the size
of the surface, not the fraction of it that can be delegated safely and
economically [30].

The practical screen used throughout this book asks five questions
of any candidate process, and a process must pass all five before it
enters the portfolio.

1. Volume. Is the process executed often enough that per-case engi-
neering and assurance cost amortises? Below roughly 500 cases
per month, the build and governance cost rarely clears.

2. Variance. Does the process have a long exception tail that rules
have failed to capture? If a rule engine already handles 98% of
cases, the agent addresses only the residual, and the business case
must be built on that residual alone.

3. Evidence. Do the facts required to decide already exist in retriev-
able systems? If the decision depends on knowledge that lives
only in a person’s head, retrieval cannot ground it and the agent
will fabricate.

4. Reversibility. Can a wrong action be detected and undone before
irreversible harm? Reversibility is the single strongest determi-
nant of the autonomy level that can be granted (Chapter 2 and
Chapter 11).

5. Measurability. Is there an existing, trusted metric of correct out-
come? Without one, neither evaluation nor continuous assurance
is possible, and the deployment cannot be defended.
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1.6 THE THESIS OF THIS BOOK

FAILURE MODE: The pilot that cannot become a system

The most common failure of enterprise agentic programmes is not
technical failure but structural orphaning. A business unit builds
a compelling agent against a convenient process, using credentials
borrowed from a service account, a prompt maintained in a document,
no evaluation set, and logging that captures the model’s output but
not the evidence it relied on. The pilot succeeds. It then cannot be
promoted, because promotion requires an identity the security team
will approve, a control set the risk team will accept, an evidence trail
internal audit will sample, and a support model operations will carry—
none of which exist and none of which can be retrofitted cheaply. The
programme stalls not because agents do not work, but because this
agent cannot be made accountable. Building the control plane first, as
Chapter 3 argues, is not bureaucratic caution; it is the cheapest known
path to the second agent.

1.6 The thesis of this book

The central claim can now be stated exactly. Enterprise agentic sys-
tems derive their value from delegating the selection of actions to a
stochastic model, and therefore cannot derive their assurance from
the specification of those actions. Assurance must come from the en-
velope: the permissions granted, the budgets enforced, the evidence
emitted, the verification imposed, and the human authority retained.
Model quality determines how often the agent is useful. The envelope
determines whether the organisation can survive the occasions when
it is not.

Everything that follows elaborates that claim. Part I completes
the strategic frame by turning autonomy into a graded, measurable
variable and value into an arithmetic one. Part II builds the envelope’s
technical core. Part III installs it against real systems of record and
demonstrates a complete deployment. Part IV connects it to the
regulatory, security, oversight, and organisational structures that
determine whether the result endures.
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Key takeaways

• An agentic system is defined by three joint properties—goal spec-
ification, run-time action selection, and external effect. Systems
lacking any of the three do not require agentic governance; sys-
tems possessing all three cannot be governed without it.

• The control model of enterprise computing assumed specified
behaviour. Agentic systems violate that assumption, so assurance
shifts from inspecting procedures to constraining envelopes and
reconstructing decisions.

• Risk is a property of granted capability, not of the model (Princi-
ple 1.1). Enumerate and constrain tools before evaluating reason-
ing.

• Reliability compounds multiplicatively along a trajectory (Equa-
tion 1.1); verification checkpoints and retry buy more end-to-end
success than model upgrades.

• Published productivity evidence measures assistance, not delega-
tion, and is strongly heterogeneous—largest for less experienced
workers, negative outside the capability frontier. Do not import
headline percentages into a delegation business case.

• Screen candidate processes on volume, variance, evidence, re-
versibility, and measurability. CORPFLOW’s invoice-exception
queue passes all five and is used throughout the book.

QUESTIONS THE BOARD SHOULD ASK

1. For each deployed or planned AI system, does it propose or does it
dispose? Who decided which, and when?

2. Which named human holds accountability for each agent’s actions,
and what authority did they actually delegate?

3. What is the complete list of tools and permissions each agent holds,
and who approved each grant?

4. If an agent took a materially wrong action last Tuesday, could we
reconstruct what it knew, what it did, and why—from evidence,
not from memory?

5. Is our business case built on cost per model call or on cost per
successfully resolved case? Do we know the difference between
them?
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